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Al.1 Empirical Investigation on Different Aspects of Mobile
Game’s Success

o|=&
deqrfstn FECfe!
mislee@korea.ac.kr

Abstract — The aim of this study is to develop and
validate different aspects of mobile game's success.
The dataset of the study consists of 852 free mobile
games. Data for the study were collected from the
AppAnnie and AppFigure, the mobile data and
analytics platforms. The dependent variables of the
research are the sales, number of downloads and
usage penetration of mobile games, while the main
explanatory variables are Addictive, Competition, and
Community, which are specific characteristics of
mobile game genres. The vresults of our study
indicate that there are positive and significant
relationships between Competition and Community,
and mobile game sales and usage penetration.
Key Terms — Community, Competition, Game
Addiction, In-App-Purchase, Mobile Game

1. Introduction

In various mobile application (app) categories,
mobile game is one of the largest and fastest
growing ones. Mobile gaming remains the largest
segment in 2019, growing 10.2% year on year to
$68.5 billion. Of this, $54.9 billion will come from
mobile games (Newzoo 2019). Recent studies have
analyzed a variety of perspectives which could affect
the revenue and number of downloads of mobile
apps. For example, Krishnan et al. (2019) and
Finkelstein et al. (2017) find that ratings could affect
positively to the number of mobile app downloads.
Ratings have significant effects on the sales of
mobile apps (Liu et al., 2015). Lee et al (2014) find
that app-level properties such as free price, user
review score, and initial rank are more highly
associated with survival probability in the higher
rank charts. Also, app enjoyment, word-of-mouth
(WOM) about mobile app, and app trialability
significantly affect the monetary value of the apps
(Kim et al., 2016).

However, only few of these studies have
investigated the relationship  between  specific
characteristics of mobile game genres—such as

Community, Competition, and Addiction, and diverse
perspectives of mobile game success—the number of
downloads, usage penetration, and sales. In
particular, several studies only focus on usage
penetration which could be one of most important
mobile game indicators, because of the ease of
installation and deletion of mobile apps (AppAnnie
2019). Therefore, this study aims to understand the
relationship  between  unprecedented  explanatory
variables, such as  Community, Competition,

eyt Aoyt

jhkimnl124@korea.ac.kr

Addiction, and dependent variables; Sales,
Downloads, and Usage Penetration. In this regard,
this study investigates the following hypotheses:

Hl. Game Addiction positively affects mobile
game success indicators.

H2. Community positively affects mobile game
success indicators.

H3. Competition positively affects mobile game
success indicators.

Data for the study were collected from the
AppAnnie and AppFigure, the mobile data and
analytics platforms. Total of 852 distincts games
were collected and all of samples were free-to-play.
The app data consists of top 1,000 apps in 2018.

In line with the hypotheses of the study, research
data was evaluated using Pearson correlation and
multiple  regression analysis. The relationships
between the variables were determined using Pearson
correlation analysis. After the Pearson correlation
analysis, it was evaluated whether the independent
variables  significantly influence the dependent
variable, by the use of regression analysis.

The results show that Competition and
Community have positive relationship with mobile
game sales and usage penetration while none of
independent  variables affect downloads. Also
Addictive has no significant relationship with
dependents variables.

II. Figures and Tables
<Table 1> Model Variables

Variable Description

Dependent Variables

Sales Monthly sales for a game

Downloads Monthly downloads for a game

Us Penetrati
sage tenetration The percentage of users who used the app

Explanatory variables

Addictive Whether the game genre is one of Action, Card,
Casino,
N RPG, and Strategy (0 = No, 1 = Yes)
Competition Whether there is competition contents for a game
(0 = No, 1 = Yes)
Community Whether there is user community for a game
(0 = No, 1 = Yes)

Update_After 2018 Number of game updates after 2018

Update Release Number of game updates after release date



Update_Version Number of version update Num_Month_Rank 0.126(0.001)***  -0.078(0.040)** 0.346(0.000)**
*
Update_Major Number of major update Star Rating -0.031 0.030 -0.019
X X Ratings 0.016 0.189(0.000)** 0.051
Update_Minor Number of minor update *
DateDif month -0.007 0.071(0.074)* -0.161
Publisher_Diff Whether the developer is different with publisher .
for a game (0 = No, 1 = Yes) Size 0.001 0.018 0.033
Publisher_minor_majo =~ Whether the publisher is major company Rated 0.037 -0.040 0.025
' . . .
Subsidiary Company Whether there is parent company for a game developer ~Num_Languages -0.013 -0.010 -0.015
(0 = No, 1 = Yes)
HQ Country Whether the developer’s HQ is located overseas Sales_Slotl -0.016 -0.057 0'167(0'000)*I
(0 =No, 1 = Yes) Sales_Slot2 -0.035 0017 0.522(0.000)**
IAP_Total Number Numb fi h ducts f *
uribst O f-app purciase procucts for a game Downloads_Slot1 0.053 -0.039 0.03(0.086)*
IAP_Type .
Number of in-app purchase products type for a game  pownloads_Slot2 0.111(0.002)** 0.015 -0.018

Num_Month_Rank Number of nomination in monthly top 1000

sales and downloads ranking

Star Rati ; [
ar Rating User rating score of the game (out of 5)

Ratings
DateDif_month
Size

Rated
Num_Languages
Sales_Slot1
Sales_Slot2
Downloads_Slot1

Downloads_Slot2

Number of user ratings

Number of months after game released
Size of game (MB)

Age and content ratings

Number of supported languages

Whether a game locates in Top Grossing Games
chart slot 1 (0 = No, 1 = Yes)

Whether a game locates in Top Grossing Games
chart slot 2 (0 = No, 1 = Yes)

Whether a game locates in Top Games chart slot 1
(0 = No, 1 = Yes)

Whether a game locates in Top Games chart slot 2
(0 = No, 1 = Yes)

<Table 2> Correlation Analysis Results III. References

Addictive Competition Community
Addictive
Competition  -0.043
Community ~ 0.090" 0.153"

<Table 3> Multiple Regression Analysis Results Finkelstein, A., Harman, M., Jia, Y., Martin, W.,

spdependent Downloads Usage Sales Sarro, F., & Zhang, Y. (2017). Investigating the
Usage Penciration 0018 relationship between price, rating, and popplarity in
oA b 0.000 0.003 the Blackberry World App Store. Information and
loags rageown ' e Software Technology, 87, 119-139.
Addictive -0.005 0.052 0.000 Kim, H.-W., Kankanhalli, A., & Lee, H.-L.
Competition 0044 02430.000* 00340064y  (2016). Investigating decision factors in mobile
* application purchase: A mixed-methods approach.

Community -0.008 0.079(0.064)* 0.131(0.000)*: Information & Management, 53(6), 727-739.
Updata_After 201 0.042 0.025 -0.001 Krishnan G, Selvam G. (2019) Factors influencing
Ed Rel 0.026 001 0.020 the download of mobile health apps: Content
pdate_Release ‘ - - review-led regression analysis. HEALTH POLICY
Update_Version 0.038 0.038 0015 AND TECHNOLOGY. 8(4):35 6-364.
Update_Major 0029 0.026 0.001 Lee, G., & Raghu, T. S. (2014). Determinants of

. Mobile Apps’ Success: Evidence from the App Store
Update_Minor -0.035 0.031 0007 Market. Journal of Management Information Systems,
Publisher_Diff -0.048 0.041 -0.002 31(2), 133.
Publisher_minor_ -0.063(0.096)* 20051 0.043(0.021)%* Liu, J., Kauffman, R.J., Man, D., (2015).
major Competition, cooperation, and regulation:
gubsidiary 0.061(0.094)* 0.008 0019 understanding the evolution of the mobile payments
HQ Country 0,006 0042 0010 technology ecosystem. Electronic Commerce Research

and Applications 14 (5), 372-391.

lAPfT"talfN“mbe 0.020 -0.063 -0.002 Newzoo., (2019). The Global Games Market Will
IAP_Type 0.031 0.029 0.027 Generate $152.1 Billion in 2019 as the U.S.



Overtakes China as the Biggest Market. Retrieved
June 18, 2019, from
<https://newzoo.com/insights/articles/the-global-games-
market-will-generate-152-1-billion-in-2019-as-the-u-s-ov
ertakes-china-as-the-biggest-market/>.



Al.2 Exploring Mobility-Based O20 Business Success: A
Cross-Country Study on Ride Hailing and Online Food
Delivery Services
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Abstract — Cross-country studies on the success of
e-commerce  services  have revealed that IT
infrastructure, economic factors, and sociopolitical
factors have profound effects on e-commerce success.
This study dug into specifically mobility-based online
to offline (020) services such as ride-hailing and
online food delivery services across more than 130
countries. More specifically, we examine three
different categories of influencing factors: mobile
infrastructure, economic factors, and empiric risk
factors, which could have significant effects on
mobility-based 020  business performance. The
results of our study indicate that mobile
infrastructure plays important roles not only mobile
phone  penetration but also digital payment
capabilities. Moreover, empiric risk factors also
negatively affect ride-hailing and online food delivery
services’ performance. This study is one of the first
cross country studies that brings traditional
influencing  factors on  e-commerce to  bear
mobility-based 020 business performance.

Key Terms — Cross-country study, Empiric risk,
Online  food delivery, Online to Offline(020),
Ride-hailing

L Introduction

Online to offline, commonly abbreviated to 020,
is a channel that entices consumers to purchase
offline services or goods through digital platforms,
and it has been welcome and gown fast in almost
every country with  technologically advanced
infrastructure (Javalgi and Ramsey, 2001). There are
many different types of 020 services such as
accommodation, fitness, medical, commerce, delivery,
mobility, beauty, etc. In this research, we examine
two popular O20 services, ride-hailing and online
delivery services closely related to mobility and
transportation. Many cross-country studies have
investigated relationships among IT infrastructure,
physical infrastructure, social/cultural infrastructure,
and e-commerce adoption and performance. However,
none of the studies have investigated the success of
mobility-based 020 businesses globally. Therefore,
we investigate following hypotheses:

Hl. Mobile and digital payment capabilities are
positively related to mobility-based 020 business
performance.

H2. The level of economic freedom is positively
related to the mobility-based 020  business
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performance.

H3. The level of risk of accident or crime is
negatively related to the mobility-based 020
business performance.

In this study, we did multiple regression to find
the result. The result shows that mobile infrastructure
along with digital payment has positive relationship
with both ride-hailing and online food delivery
services. Interesting point of the finding is that
payment channel is more important than mobile
phone penetration. In addition, economic factors have
positive relationship, while empiric risk shows
negative impact.

II. Figures and Tables
<Table 1> Model Variables

Variable Description

Dependent Variables

User penetration rate in the

Ride-hailing Ride-hailing segment in 2019

user penetration

Online food delivery

. User penetration rate in the Online
user penetration

food delivery segment in 2019

Independent variables

Mobile_Phone_Subscription Subscriptions to a public mobile

2018 telephone service using cellular
technology, including the number of
pre-paid SIM cards active during the
past three months, expressed as the
number of mobile telephone
subscriptions per 100 inhabitants in

MobilePOS_user_penetration The Mobile POS Payments segment

2019 includes transactions at point-of-sale
that are processed via smartphone
applications so-called "mobile wallets".
Payment transactions with physical
debit or credit cards at contactless
terminals and mobile POS systems in
2019.

DigitalPyment_user_penetration = The Digital Commerce segment covers

2019 all consumer transactions made via the
Internet which are directly related to
online shopping for products and
services. Online transactions can be
made via various payment methods
(credit cards, direct debit, invoice, or
online payment providers, such as
PayPal and AliPay).



Economic_Freedom 2019

Population_density 2018

Pump_price_for_gasoline 2016

Crime_rate 2019

Daily_alcohol_intake 2019

To measure economic freedom based
on 12 quantitative and qualitative
factors, grouped into four broad
categories, or pillars, of economic
freedom:

Rule of Law (property rights,
government integrity, judicial
effectiveness)

Government Size (government
spending, tax burden, fiscal health)
Regulatory Efficiency (business
freedom, labor freedom, monetary
freedom)

Open Markets (trade freedom,
investment freedom, financial freedom)
Each of the twelve economic
freedoms within these categories is
graded on a scale of 0 to 100. A
country’s overall score is derived by
averaging these twelve economic
freedoms, with equal weight being
given to each.

Population density is midyear
population divided by land area in
square kilometers.

Fuel prices refer to the pump prices
of the most widely sold grade of
gasoline in 2016. Prices have been
converted from the local currency to
U.S. dollars.

Reported crime rate per 100,000
people in 2019. Crime rate is
calculated by dividing the number of
reported crimes by the total
population, and then the result is
multiplied by 100,000

Average Daily Intake in millilitters of
Pure Alcohol. Pure alcohol
consumption among persons (age 15+,
drinkers only).

<Table 2> Correlation Analysis Results

Mobile_Phone Mobile_POS_u_ Digital_payme Economic_Fre Pump_price_fo
_Subscription_ ser_penetratio nt_user_penetr edom_Index 2 Population_de r_gasoline_201 Crime_rate_20 Daily_alcohol_i

2018 n2019 ation 2019 019 nsity_2018 6 19 ntake_2019
Mobile_Phone_Subs 1 0.280 0.597 0458 0.300 0.002 0.357 0018
cription_2018
Mobile_POS_user_p 0.280 1 0307 0310 0.391 0.256 -0.216 -0.139
enetration_2019
Digital_payment_us 0.597 0.307 1 0526 0123 0.250 -0.502 -0.038
er_penetration_2019
Economic_Freedom 0458 0.310 0.526 1 0.336 0307 -0.374 -0.095
_Index 2019
Population_density_ 0.300 0.391 0123 0336 1 0.204 -0.203 0.174
2018
Pump_price_for_gas 0.002 0.256 0.250 0307 0.204 1 0.243 -0.050
oline_2016
Crime_rate_2019 -0.357 -0.216 -0.502 0.374 -0.203 -0.243 1 0.130
Daily_alcohol_intake 0,018 -0.139 -0.038 0,095 0174 -0.050 0.130 1
_2019
Ride-hailing user Online food delivery
penetration user penetration
Beta Sig Beta Sig
IT Mobile_Phone_Subscription 0.234 *** 0.030
Mobile_POS_user_penetration 0.303 *** 0.295 ***
Digital_payment_user_penetration 0.427 *** 0.674 ***
Economic Economic_Freedom 0.4172 *** 0.532 ***
Population_density 0.319 *** 0.101
Pump_price_for_gasoline -0.173 ** 0.144 *
Empiric_risk Crime_rate -0.327 *** -0.418 ***
Daily_alcohol_intake -0.245 *** -0.196 **

"A  Growth Theory Perspect
E-Commerce ~ Growth in
Exploratory  Study,"  Electroni
Research  and  Applications
237-259.

Javalgi, R., and Ramsey, R. 2001. "St
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B1.5 Users’ acceptance toward human-robot interactive
service robots : based on YouTube reviews
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Abstract — With the advancement of artificial intelligence technology, the human-computer interactive service
robot industry has also developed rapidly. Human-computer interactive service robots are robots that have
human appearance and action capabilities and can accomplish human service work. Social robots enter our
lives as companions and assistants for the elderly and for children with special needs. Robots are used for
entertainment, education. Provide more than service automation but act as sales staff, product advisors,
shopping assistants for the general public. In recent years, although the research on human-computer
interactive service robots has made great progress, there are still many problems. Although the service robot
closely resembles a human in appearance but then does not behave like one, there is the danger of the
human-robot interaction breaking down. At the same time, infiingement of privacy and mechanical malfinction
lead to accidents in a harmful way. In this digital age, one of the most powerful promotional tools is the
Internet. The Internet has promoted people to express themselves on social media such as Facebook, YouTube,
Twitter and Instagram, and everyone can express themselves freely. Analyzing online comment reviews is a
common practice as it gives insights on how consumers perceive a product. Therefore, the research aims to
uncover user acceptance of human-robot interactive service robots based on YouTube online reviews. By
crawling the relevant comments of the YouTube service robot, using word2vec, sentiment classification, and
LDA analysis methods to determine the user's acceptance of the human-robot interaction service robot. This
research is of great significance to promote users to have a better experience and get more convenience
through the understanding of the human-robot interaction service robots so that users can accept the
human-robot interaction service robots.

Key Terms — human-computer interactive service robot, LDA, Sentiment classification, word2vec, YouTube
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. 43 d7
<T 1> 7}~

LERUI AT,
<E 1> 7t& AREFF Q1A A

AgF Q4 ARE

NBZ EAE 9X 28 | o

ol e ! EELE ene
ToU Recall Prec. =
Normal 0.744 | 0.981 0.756 0.864
Noise 0.722 | 0.969 0.733 0.805
Reflex | 0.672 | 0.979 0.679 0.757

Level_1
Scale 0.691 | 0.983 0.701 0.743
Slant 0.519 | 0.993 0.522 0.615
Noise 0.662 | 0.982 0.669 0.746
Reflex | 0.683 | 0.963 0.694 0.625

Level_2
Scale 0.652 | 0.982 0.664 0.717
Slant 0.353 | 0.985 0.354 0.161
Ago] 2221 dolEl& Tk AR o]m A
27,12078  ©] o] T 22,985 AT AAYT
gt B HdTol] A& AL, 4,1357]5 HZE9|
ARESTE. HIZE ojn| X F Hyja #<slo]
A 949 =717 2 ALY, olwm| = 7}
ZNeARAY, ool AU, HukxE Qe
A& scale, slant, noise % reflex® T-3d}al,
&4 st abnormal o] m| x| & 2] A5},
Abnormal o]m| A= =] AZof| ug} AHLE7}
sk 2o Jevel 1 % level 28 EHF39}
Slant dle]El= 5 ~ 10% 7]&ol3l A4E
level_1, 10%&= o]Ao|™ level 28 EH3 T},
Scale Hlo|HE& A Eo] Al dHo] A
F 20 ~ 25%2 AANW level 102, 20%
olglol level 22 wR{aAT. AHs FAHS
A F4 2 EAE dAe g AE=E
=A4etdaL, 1A FA4el= precision, recall %
IoU (Intersection of Union)E 7|Eo=E
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__ Prediction of COVID-19 In Russla Predi

<Figure 3> Prediction of Confirmed / Recovered
Cases in Russia
By initial(left) & Current Data(right)

<Table 2> Prediction of Active Cases in Russia
Using Initial data(l month) / Full data

Date 3/15 4/23 5/29 6/23

Prediction | 20 164,667 147,828 74,358
Using
Initial

Data

Prediction | 20
Using
Full Data

21,090 218,930 125,310

Actual 55 57,320
Active
Cases

223,990 NaN

<Figure 4> Prediction of Confirmed / Recovered
Cases in Israel
By initial(left) & Current Data(right)

<Table 3> Prediction of Active Cases in Israel
Using Initial data(l month) / Full data

Date 3/8 4/27 5/29 6/23
Prediction | 2 12,533 8,189 5,863

Using

Initial

Data
Prediction | 2 8187 1986 587

Using
Full Data

Actual 55 8,151 1,927 NaN

Active

Cases
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<Figure 5> Prediction of Confirmed / Recovered
Cases in South Korea
By initial(left) & Current Data(right)

<Table 4> Prediction of Active Cases in South
Korea Using Initial data(1 month) / Full data

Date 2/20 4/10 5/29 6/23
Prediction | 4 2,219 258 86

Using

Initial

Data
Prediction | 4 2950 494 199

Using
Full Data

Actual 87 3125 774 NaN

Active

Cases
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<Table 5> Accuracy of Prediction Using
LSTM and SIR model

Error

rate(%)
0.03
1.1

77

14

LST™M

16992
11569

1880718
393067

0.3
0.3

1.65
4.9

SIR

16928
11477

1717279.
368527

Actual
data

16987
11441

1746019
387623
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<Figure 7> Correlation Between Additional and

Cumulative Confirmed in Four Country
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Zd5 | 21.91 | 31.57 | 17.45 | 14.50 | 11.06 | 24.82
<JF3>RS

g 1Y (3¢ |5¢ |79 |10¥Y | 14¥Y
%

2gl | 2949 | 29.52 | 31.20 | 29.40 | 25.17 | 27.53
2gD | 2749 | 23.56 | 31.28 | 25.75 | 26.41 | 22.06
2u3 | 3312|1827 | 16.10 | 13.50 | 14.88 | 19.66
2dy4 | 1657 | 20.15 | 25.71 | 18.80 | 10.18 | 14.63
2g5 | 29.61 | 36.19 | 20.00 | 16.41 | 10.19 | 22.99
< F#4>Def
g 1Y |39 |59 |79 |10Y | 149
%
g | 2611|2857 | 26.72 | 36.96 | 27.16 | 30.73
2o | 28.00 | 21.48 | 30.29 | 24.61 | 26.31 | 29.89
Hu3 | 38.63 | 28.65 | 14.82 | 17.34 | 16.69 | 20.19
2dly | 2851 | 19.43 | 22.86 | 10.25 | 18.14 | 14.77
2g5 | 20.46 | 40.76 | 25.01 | 13.34 | 20.56 | 20.89
<Z5>Def9] Precision
1¢ 3¢ 5g 7¢ 109 14
R=4-/] 0.6538 0.7500 0.7463 0.8727 | 0.9615 0.8980
2db 0.5874 0.6242 0.6777 | 0.8644 0.7667 | 0.8235
=zd3 0.5906 | 0.6723 0.6424 | 0.6748 0.6667 | 0.5867
Zdy 0.6429 0.6279 0.6474 0.7570 0.8028 1.0000
zds 0.6053 0.5745 0.7222 0.8384 0.8537 | 0.8140
<3Z6>Def2] Specificity
19 3¢ 5 7 10Y 14Y
Zd] 0.8902 0.9157 0.8976 0.9573 0.9879 0.9689
4=/} 0.4817 0.6446 0.7651 0.9512 0.8303 0.8882
a3 0.6280 0.7651 0.6446 0.7561 0.7333 0.6149
Zdy 0.7256 0.8072 0.6325 0.8405 0.9152 1.0000
zds 0.6341 0.5181 0.8193 0.9018 0.9273 0.9012
< Z7>Def2] Recall
19 3¢ 59 74 109 149
4=/ 0.1700 0.2143 0.2577 0.2474 0.2632 0.2316
24> 0.6050 0.5000 0.4227 0.2629 0.4842 0.4421
243 0.4400 0.4082 0.5464 0.4278 0.4632 0.4632
Zdy 0.4050 0.2755 0.5773 0.4154 0.3000 0.1799
2ds 0.4600 0.5510 0.4021 0.4256 0.3684 0.3704

42 A3} o) B A

o EH 349 AUCE Y 9YFE AL

o 7t FYFSL 3YH 5YE FULS v fjA=E
7Y Fo] £t

o /¥ JJ[E EHI DefE HEAEL &
HolFr

v EdE

® Def REEYL FFEek TYFES HYTo
IR JHEY FojE= AT AHHES
Ho o]j& HA 1 o 1E 953 B0/
wo= A& o/ nj gt

® meADef EES HFEQ EXIRLF
Hef7[o] ek FHEFojrl X EF 1H
&oF HYer H7IF o] wEo] AUCT} &
B2y Filo] madl= Ho] vfgrHs}

® AUCT} =tz P T9YF9 F< AL
ofyjct ze/i} Z} mE ¥ J)7F ¥ 795
P&y Wolal

VI Fu2#3

Bao W, Yue J, Rao Y (2017) A deep learning
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framework for financial time series using stacked
autoencoders and long-short term memory. PLoS
ONE 12(7): ¢0180944

Do-Hyung Kwon, Ju-Bong Kim, Ju-sung Heo,
Chan-Myung Kim, and Youn-Hee Han(2019) Time
Series Classification of Cryptocurrency Price Trend
Based on a Recurrent LSTM Neural Network
Journal of Information Processing Systems Vol. 15,
No. 3, pp. 694-706, Jun. 2019
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E2.3 Factors influencing Investment Decision of Individual
Investors in Social Impact Investment using
Crowdfunding platform

Pham,_Duong Thuy Vy Tran Hung Chuon PN
ALY LT L T 2SSt & Zff8f T 2SSt & Zrff8f
yunjikim1219@sch.ac.kr hyunjoon193@sch.ac.kr jaewonchoi@sch.ac.kr

Abstract — Recently, social impact investing is becoming a hot issue in the social enterprise’s field. Investors
around the world are using impact investments to utilize radically the power of capital. Growing impact
investment market provides capital to address the world’s most pressing challenges in sectors such as climate
change, sustainable agriculture, renewable energy, conservation, etc and affordable and accessible basic
services including housing, healthcare, and education. At the same time, the core of the financing plan for
social enterprises has shifted from the government-based “support system” to the “investment-type” by the
private sector. Besides that, crowdfunding is also becoming a funding solution for entrepreneurs. Using
crowdfunding, entrepreneurs are able to call for capital from individual investors which is easier than calling
for capital from big companies or organizations. Therefore, this study will consider crowdfunding as a
potential platform in the social investment market. By that, we want to clarify the role of crowdfunding in
social enterprises and do individual investors willing to contribute capital for impact investment social
enterprises if crowdfunding being used as a platform? And we also want to find out which factors influencing
investment decision of individual investors in social impact investment using crowdfunding platform.
Furthermore, to complete this study, survey and interview will be used as main research methodology. The
purpose of conducting a survey that is utilized when a specific target involved; interview method is to explore
the responses of the people to gather more and deeper information that is related to this study. We plan to
conduct a survey of 500 entrepreneurs of small and medium-sized businesses who are tend to invest in social
impact field to clarify which factors influence their investment decision. This study is expected to confirm the
role of crowdfunding in social impact enterprises; to make it easier for entrepreneurs in social impact
investment field to access capital from individual investors through crowdfunding platform in the future.

Key Terms: Crowdfunding, Impact investment, Impact economy, Individual investor, Social economy, Social
impact.
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E3.3 A Study on the User Perception in ASMR Marketing
Content through Social Media Text-Mining: ASMRtist
vs Normal Influencer

Tran Hung Chuon Pham,_Duong Thuy Vy Z| A A
T SISt & ZLff8f A=Y LT L T 2SSt & ZLff8f
hyunjoon193@sch.ac.kr yunjikim1219@sch.ac.kr hyunjoon193@sch.ac.kr

Abstract — Nowadays, Autonomous Sensory Meridian Response (ASMR) - the experience of tingling sensations
in the crown of the head - is rapidly growing in popularity and increasingly appearing in marketing. Not
event in TV commercial advertisement, ASMR also fast growing in one-person media communication, many
brands and social media influencers use ASMR for their marketing contents. The purpose of this study is to
measure consumers’ perceptions about the introduced products in ASMR marketing content and compare the
differences in advertising effects of ASMR content creator and normal content creator in the same Marco
influencer tier - the YouTuber that has 10,000 — 1,000,000 subscribers. The research methods selected
ASMRtist (YouTuber who use ASMR in their contents) and normal YouTuber, we collect text comments from
400 videos of tech-device review videos (ASMR contents - 100/normal contents — 100) and beauty-fashion
videos (ASMR contents — 100/normal contents — 100). 55,600 texts from ASMR contents and 50,700 texts firom
normal contents were analyzed by applying the LDA topic modeling algorithm, content analysis. Through the
result, we can know that ASMR contents take more viewers’ attention because in the same influencer tiers
ASMR contents are getting more views, likes and comments than normal contents. As the result of LDA
analysis, we found that ASMR content viewers and normal content viewers have different perceptions about
content and product. In the Tech-device reviews field, when normal contents viewers mainly focus on product,
all the topics are talking about product’s design, release, price, purchase , etc and the ASMR viewers also
focus on the product like product’s performance, purchase but there are many topics are talking about
reaction of ASMR sound, trigger, relaxation. In the Beauty-fashion field, normal content viewers mostly focus
on style, makeup, fashion, product topics and ASMR content viewers’ topics mainly focus to the reaction of
ASMR trigger, response to ASMRtist and other topics are talking about makeup - fashion, product, purchase.
Via LDA analysis, un-like normal contents, comments are focus on the main fields, many ASMR viewers
comment that they feel more comfortable when watching the marketing content that used ASMR. This result
has shown that ASMR marketing contents have a good performance in term of user watching experience than
the normal content, so apply ASMR will take more consumer intention and may behave better advertising
acceptance. As an influencer marketing strategy, this study provides information to establish an efficient
advertising strategy by using influencer that creates ASMR content.

Key Terms: ASMR marketing, influencer, social media, text mining, topic modeling
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